Value generators mark factors that influence the given enterprise´s success most. Thus, they refer to activities and abilities that increase profitability, decrease risk, and support the company´s growth. The aim of this contribution is to identify value generators in a building enterprise. The main presumption, however, is that the enterprise value will be measured by the EVA Equity indicator (Economic Value Added for the shareholders -owners). Data to be analysed come from the Albertina database. They include complete financial statements of building enterprises that operated on the market between 2006 and 2015. The data is organized into a table the EVA Equity in each enterprise is calculated per each year of its operation on the market. The table is subsequently imported into the Statistica software which searches for the extent to which the EVA Equity indicator is dependent on the individual items of financial statements. The result is a created adequate methodology and identification of value generators in building industries from 2006 to 2015 in the Czech Republic. The following variables are marked as the most significant: economic growth per current accounting period, equity, bank loans and bailouts, trade receivables, and current assets.
Introduction
Value generators are factors that have the greatest impact on the company´s success, and are specific for different industry branches and enterprises [1] . A value generator may be described as an activity or an ability that adds value to a product, service, brand or the enterprise itself. Specifically, value generators refer to activities or abilities that increase profitability, decrease risk and support growth in accordance with strategic aims. Such aims may include a growing shareholder value, competition advantage and customer determination [2] .
The main aim of every business activity is to create value for the owner. With regard to the complexity of nowadays organizations and the circumstances of growing customer demands in which they compete, it is necessary for the company aims focused on value to be efficiently managed at all organization levels. A well considered strategy may be only successful if the company aims are transparent, comprehensible for workers, and controllable [3] .
Nowadays, most global markets are being globalized, and competition is becoming more exponential. Companies always try to be as competitive as possible. They use different tools to do so. One of them is modern manager style called ´Value-Based Management´. Its aim is to focus on creation of values for the company. Establishing this type of management is not easy because the company has to identify the managers correctly, as they are the ones responsible for value creation in the company [4] .
Value-Based Management (VBM) may be defined as an integrated managing approach based on several elements including managing systems [5] . Specifically, VBM should offer a general frame via which managers may define, implement and promote strategies when creating values within a company, and provide the owners with resources for monitoring and harmonizing manager actions [6] . The key VBM element is metrics based on values that combine costs on invested capital and company profitability [7] . These metrics and a related set of linked value controls are meant to replace traditional accounting measures, such as key financial indicators in a company, and serve as the main company performance indicators [8] . Based on this, metrics based on values should contribute to creating strategies, allocating sources and determining financial aims, and thus harmonizing the inner aims with creating shareholder value [9] . Meanwhile, integration of metrics based on values within a compensation system of enterprises should still support harmonization of well motivated managers [10] .
Nowadays, knowledge assets are generally understood as organization sources that play a key role in creating the company´s value. Mechanisms through which these assets participate in creating a value, are still not well known. This contribution draws on this need and suggests a model for identifying knowledge assets of an enterprise that significantly contribute creation of values. The model is basically designed as a cognitive map, and it draws on the combination of knowledge gathered from literature about strategic management [11] .
Lately, more and more experts believe that the main aim of a stable enterprise is mainly growth of value for owners, shareholders. There are several options of measuring such growth. The EVA Economic Value Added is a very useful and significant tool for judging enterprise performance. It combines such factors as economy, accounting, and market information [12] . According to Morad and Balu [13] , this indicator tries to express the company´s real economic profit. Its significant advantage, as opposed to usual approaches, is the ability to evaluate the enterprise´s economic performance comprehensively, and take into account the amount of investment risk [14] . According to Kollar and Klieštik [15], the EVA indicator represents the most advanced tool for measuring enterprise performance based on the principle of value management. According to Bluszcz and Kijewska [16] , the EVA indicator depends on the amount of capital invested, and the economic dimension. Frank and Shen [17] claim that economic dimension is expressed via the weighted average costs on capital, and the return on invested capital.
The aim of this contribution is to identify the generators of a building enterprise value. However, the assumption is that the enterprise value will be measured via the EVA Equity indicator.
Data and Methods
Data meant for analysis will come from the Albertina database. Building enterprises that operated on the market during 2006 to 2015 will be concerned. In total, the dataset will 2 SHS Web of Conferences 39, 01029 (2017) DOI: 10.1051/shsconf/20173901029 IES2017 contain records of 65,656 enterprises. Data of their complete financial statements will be available (except attachments). That means that we will use balance sheet, profit and loss sheet, and statement of cash flow data. The data will be organized into a table which will be lined according to companies and the years of their activity. The columns will then contain individual information from Financial Statements.
In the next step, the value of Economic Value Added for shareholders (owners) will be calculated for every enterprise in each year of its operation on the market, i.e. within the parameters of EVA Equity. This is first presumed by the Weighted Average Costs of capital [18] : Subsequently, the value of alternative rate of equity will be stated [18] : Income Tax Rate (in the previous models the ´t´ mark was used).
The Economic Value Added for shareholders will be derived from the following relationship [18] :
Where: ROE represents Return on Equity.
Subsequently, the table will be imported into the DELL Statistica Software, version 12. We are going to look for the extent to which the EVA Equity indicator is dependent on the individual items of financial statements.
We will use the data mining tool, automated neural networks (ANN). We will deal with regression. EVA Equity will be determined the dependent variable. Financial statement data will represent the independent variables. The data file will be divided into three setstraining, testing and validational. The first group will contain 70% of input data. Based on the training data set neural structures will be generated. The left over two data sets 15% will be always left. Both groups will serve to verify the reliability of the found neural structure, respectively the found model. We will generate 1,000 neural networks. Out of them, 5 proving the best characteristics, will be kept 1 .The hidden layer will contain a minimum of two neurons, a maximum of 150. In case of a radial basic function, the hidden layer will contain a minimum of 21 neurons, 80 the most. For a multilayer perceptron network, the following distributional functions will be considered in the hidden and in the output layer:
Neural networks predicting the EVA Equity based on input data will be the result. The model will take into account only such variables that will influence the resulting value of EVA Equity in reality. We will choose such a neural structure that will describe the relationship as correctly as possible (i.e. proving the best performance in the training, testing and validational data set, minimal error in each data set, and a clear economic interpretation). We will be subsequently interested in the value of neurons entering a network chosen in that way. Moreover, we will carry out sensitivity analysis to determine which variables enter the calculation and which of them influence the result significantly, at the same time. Value generators will be the result of sensitivity analysis.
Results
Table No.1 offers five of the best generated and preserved neural networks.
Table 1. Neural Networks with the best characteristics
The table clearly proves that multilayer perceptron networks have the preserved, thus the best characteristics. In all cases Quasi-Newton was used as a training algorithm, nevertheless, always in its different variant. Smallest square method was considered an error function. The hidden neuron layer is in case of preserved neural networks activated 1 We will get oriented via the smallest squares method. Network generation will end if there is no improvement, i.e. a decrease in value when adding the squares. Thus, we will keep those neural structures where the total of square residues compared to the real gold development will be the lowest (in an ideal case, equal to zero). In the given table we may observe the performance of individual networks in all data sets (training, testing, and validational). In the optimal situation, we are looking for the highest performance value (correlational coefficient), and at the same time an equal value for all data sets. Probably the best characteristics are offered by the first network, MLP 28-19-1. It is however necessary to add that differences between individual networks are minimal.
For a better guess of a correct result, prediction parameters carried out with the use of individual networks are given in Table No. 3.
Table 3. Prediction Parameters
Even Table No. 3 shows clearly that differences in prediction are minimal. This is proven not only by the extreme prediction values, but also the extreme residue values.
Further, sensitivity analysis was carried out. Results of the analysis are given in The table shows that the same variables entered the calculation in all cases. Although the order of importance differs in individual networks, the difference is not too significant. First, there is, logically (and as expected), economic result. Further, Equity appears (again as expected), bank loans and bailout, trade receivables, long-term assets, and current assets. Other positions of this notional rank have been taken by variables that do influence the value creation in an enterprise, but their meaning is not too big.
Conclusion
The aim of this contribution has been to identify value generators within a building enterprise. An adequate methodology was created, and value generators within building enterprises from 2006 to 2015 were generated for the Czech Republic. In total, 28 quantities were identified, entering the process of enterprise value creation, which is measured via the EVA Equity indicator.
The following variables were identified as the most significant: the profit or loss for the current accounting period, equity, bank loans and bailout, trade receivables, long-term assets and current assets.
